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Abstract: Recommender system is a kind of web intelligence technique to make information filtering for
people on daily basis. The core technology to implement this type of recommender system includes content
analysis, collaborative filtering and some hybrid approach. Since they all have certain strengths and
weaknesses, and combining them may be an inspiring solution. In this paper, a hybrid online movie
recommender system has been proposed in which content and collaborative filtering techniques are combined
for enhanced and improved recommendations to the user.
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1. Introduction
In this age of information overload on the Internet,
users have various strategies to make choices, so it
becomes difficult for them to choose the best one
from variety of options [1]. This contributes to the
emergence of new technology- recommender system
[2]. Recommender Systems are software tool or
technique which provides or suggests items to the
users. These are being applied in several of fields

such as movie recommendations, songs
recommendations, e-commerce [3] and many more.

A recommender system works by acquiring or
procuring the knowledge of users either explicitly or
implicitly [4] and of items and has the classification
shown in fig.1 [5].

Collaborative filtering, content-based filtering, and
hybrid filtering- combination of two or more
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approaches are commonly used approaches for
recommendation. Content-based filtering suggests
items based on the correlation between the user
preferences and the content of the items. Content-
based recommender system has one common
problem is that it can only recommend items scoring
highly against the user profile. In collaborative
filtering, new items are recommended to the user
using the rating data given to such items as purchase
history and the system calculates preference
similarities among users from ratings.

]

Recommender System

Collaborative Content Demographic  Knowledge Hybrid Based
Based Based Based

Use Use Use Use Combi
similarity similarity demo- specific nes
between patterns graphic domain two or
users and of items profile know- more

items or of user ledge techni

Fig.1. Classification of Recommender System

In this paper a movie recommender system is
proposed, based on content and collaborative
filtering. In content-based recommender system the
recommendations are provided based on the profiles
of users that are created at the beginning. A profile
has information, such as age, gender, occupation,
taste, etc. Taste is based upon how the items are
rated by the user. For recommendation, the engine
compares the items that were rated by the user with
that are not rated by the user to calculate similarities.
Items that are similar to rated items will be
recommended to the user.

The proposed system using the collaborative
filtering in which the focus is on relationship
between users and items. Similarity of items is
calculated by similarity of ratings of those items by
the users who have rated both items. Consequently,
enough information from users is required to make
better recommendations. Though, users are often
unable to assess all the information in the system,
which lead to the ‘rating sparsity’ problem in
collaborative filtering systems [8]. Another issues
which have been identified as restrictions to the
system are scalability and transparency [9].

This paper consists of five sections. Section 2
describes the related work. Section 3 describes the
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methodology to be followed for recommending
movies to the user. Section 4 and 5 wraps up this
paper with its future work and conclusion.

2. Related Work

Many of the recommendation systems have been
developed in variety of domains. These systems use
different approaches [5]. Number of the online
recommendation systems for various applications
that recommends items to active users based on
ratings provided by previous users with similar
choices or interests. One such system was designed
by Jung, Webster and Herlocker in 2004 to improve
search results. The system encourages users to enter
widen and more informative search queries, and
collects ratings from users with reference to whether
the search results meet their information need or not.
This rating information is then used to recommend
items to later users with similar interests.

Filtering techniques have been applied in many areas
of applications, and the proposed system is not the
first one to attempt to make predictive
recommendations about movies. MovielLens, IMDB
and many more are examples that implements
recommender systems in context of movies.
MovieLens is an online recommendation system in
which the user is first invited to rate certain movies
when login to the system first time. This information
of ratings is then used to recommend movies to the
users which have not seen. It uses collaborative
filtering technique based on ratings by similar.

Contextual information is another facet that can be
used for enhanced and improved recommendations.
This is extremely helpful in recommendation or
recommender systems where other factors such as
the time, location, etc. also play a weighty role in
user preferences. The systems which exploit such
information in providing recommendations are
known as context-aware recommender systems.

Today, when the mobile gadgets are getting popular
in our day to day life, these sorts of recommender
systems are especially important. GPS and other
technologies can be used by recommender systems
to quickly get any information about the location of
the user and user itself. [10]

User preferences based collaborative filtering
approach may cause some problems. First, there is
sparsity problem that occurs when enough data is
not available about user preferences. This problem
affects the accuracy of the recommendation systems
using collaborative filtering [12]. Second one is the
cold-start problem that occurs when new user or
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items are added without enough information [13].
This entails that a user without ratings cannot have a
neighbour. The system cannot recommend an item to
a new user who has no ratings. In other words, the
system has to wait until all the users have enough
ratings before recommending items [14].

Collaborative filtering which used in the field of
recommender system is criticized for various
reasons. Some authors claim that collaborative
filtering would be ineffective in domains where
more items than users exist. Others believe that users
would not be spending time for explicitly rating
research papers [15].

Several authors via research papers documented the
benefits of use of collaborative tagging. Vander Wal
[18] and Mathes [19] have discussed the potential
benefits of tagging for personal information
management. Vander Wal [18] has observed that in
tagging systems there exists a powerful tool,
allowing users to index their information resources
with their own keywords [20].

From the literature survey we conclude that
sometimes the recommendations are not applicable
in our daily life. Only pre-analysis is performed for
recommending items and also the data retrieval is
not fast. This paper proposed a hybrid recommender
system which provide more relevant
recommendations and also fast retrieval of data with
pre and post analysis. And we are using this system
for movie recommendation.

3. Proposed Work

This paper proposed a hybrid recommendation
system which provides movie recommendations
based on content and collaborative filtering
techniques. The methodology to recommend movies
has the following steps with explanation:

a) Initially the when the new user sign in its
profile information will be stored in user
database.

b) In second step the system will fetch the
ratings of the movies and store this
information in movies database.

c) In the next step relevant features have to be
gathered to use in movie recommendation
system.

d) Then we collect those users who shared
common movies with the active user i.e.
determine the neighbour set for active user.
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e) In next step the system find the movies with
maximum ratings.

f) Then a list of recommendations will be
generated.

Step 1: Collect user information

For the new user, the system requests to register him
an account to gather his personal information and
also the ratings of a set of movies.

Step 2: Create movie database

Collect the movie information such as title, actors,
director, release  date, ratings etc. for
recommendations.

Step3: Movie Recommender

This phase recommend movies to the user and use
following steps for recommendation:

v

User record

\ 4
Fetch movie information

Last
record?

Find movies of maximum rating

\ 4
Generate list of
recommendations

Fig.3. Flowchart for updating recommendations

4. Discussion and Future Work

Finding the pertinent information from immense
data available online is very difficult. Recommender
systems provide solution to this problem which
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suggests relevant items to the wuser. Wrong
recommendations assigned to the user tend to
decrease the efficiency of the system but this
problem is reduced by using our hybrid system and
optimal recommendations are provided to the user.
The proposed system use hybrid filtering technique
for movie recommendations and further we can add
more datasets available online. Also we can use
social tagging and to enhance the system and its
performance.

5. Conclusion

This paper proposed the system to recommend items
to new users by collecting taste information of new
users (preferences) and comparing their tastes with
many users. This system help users by providing
relevant movie recommendation based on user
feedback using simple GUI. This system will help
users to deal with information overload by giving
them better recommendations. The simplicity of the
design prevents any confusion. Layouts and menu
are fluid and easy to use. The system becomes self-
learning as more people use the system and gives
their knowledge to the system and ultimately its
capability to return related research parameters helps
to solve users’ problems.
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